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Abstract:This paper aims to find out the direction that face recognition can be improved and optimized by analyzing and studying the

existing face detection, image preprocessing, feature extraction and recognition algorithms, combined with advanced technologies such as deep

learning, and prospects the future application direction of face recognition.

In face feature extraction, this paper introduces the traditional feature matching and deep learning—based feature extraction methods. In

terms of face matching, this paper introduces the matching methods based on statistical learning and deep learning
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