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A bidding strategy center model based on demand response of microgrid
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Abstract: Due to the uncertainty and limited predictability of wind and photovoltaic power generation, these resources
that participate in most electricity markets will be subject to significant deviations during market settlement. To balance
unpredictable changes in wind and photovoltaic power, system operators need to arrange for additional reserves. This paper
proposes an optimal comprehensive participation model for wind power and photovoltaic energy, including demand response
models, storage device models, and schedulable distributed generation models (microgrids or virtual microgrids) to increase
their returns in the market. The market is considered 3-7 hours before the delivery time in order to update the contracted
energy volume to reduce the generation bias of the microgrid. In developing bidding strategies for microgrid producers and
loads, a stochastic planning method was considered. The optimization model is characterized by analysis of multiple scenarios,
and simultaneously deals with the three uncertainties of wind power and photovoltaic power generation, internal market and
unbalanced prices. To predict these uncertain variables, a method based on neural fuzzy is used. Historical data is used to
predict future prices and adjust wind and photovoltaic production in the market. At the same time, a probabilistic method
based on prediction errors and real historical data is considered, and the future instantaneous and unbalanced electricity prices
of wind and photovoltaic power generation are estimated.
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