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Abstract: In today’s era bigdata and data mining plays a very vital role. Big Data can be structured as well as unstructured.
This enormous data growth has triggered development of new techniques and tools to process this data. Different algorithms are
employed to classify bigdata, but the category of algorithms that are decision tree based are considered the best classifiers among
all the other algorithms. Decision tree algorithms are simple and fast to implement. This paper discusses decision tree based

algorithms that are based on map reduce framework. As the data grows decision tree algorithms have some limitations which

need to be solved. MapReduce technology is the best solution for the bigdata processing with the decision tree algorithm.
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