GQHM%R

TUHEAR:4%5 58
ISSN: 2661-3662(Print); 2661-3654(0Online)

RES RSN AL

% fF

BEXZIEZBE ERAM 404020

M E: RABESEAEREATRAFINZHELEIEAN, §ARN —MREGHE LS E S —FRESHHE
ARG F . B, B E G R AR RE A BB TR F, BESEH R XEES A TRRSHIEHFIE

AEARIR, FRARA SIS 6450 E 04N E
KT REE T, HRERE; AFLE

A review of deep cross-modal hashing

Wei Qian

Chongqing Three Gorges University Chongging Wanzhou 404020

Abstract: Deep cross-modal hashing retrieval is a multi-modal retrieval technology based on deep learning, which aims to use

data from one modality to retrieve data with similar content from another modality. For example, text retrieval by image or

video retrieval by image etc. The key tasks of cross-modal hashing retrieval are: feature vector extraction of different modal

data, and similarity measurement of feature vectors of different modal data.
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