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Fig.1 Data flow chart
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Fig.2 Crawler code diagram
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Fig.3 Data connection pool diagram
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val conn=ConnectPoolUntil.getConnection
conn.setAutoCommit(false);// SNk
val stmt=conn.createStatement()
rdd.foreach(word=>{
val sql=( “insert into countPlay(play,count) values(&ap
o0s;” +word._1+" &apos;,&apos;” +word._2+” &apos;)ON
DUPLICATE KEYUPDATE count=count+values(count)” )
println( “sql:” +sql)
stmt.addBatch(sql)
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val FansSort:DStream|[(String,Int)] = lines.transform((rdd)
=>{
rdd.map{ x=>val fields:Array[String]=x.value().
split( “\s” )
(fields(0).fields(1))
}
.map(x=>(x._1,x._2))

.sortBy(x=>x._2 false).take(10)
})
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Fig.5 Visual presentation
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