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Application and Development of Compressed Sensing
Theory
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Abstract: Compressed Sensing theory is a revolutionary signal sampling and reconstruction method, which greatly reduces the cost of data acquisition and
transmission by recovering the original signal from a small number of measurements. Since its introduction, Compressed Sensing theory has been widely
researched and applied in the fields of signal processing, image reconstruction, video coding and so on. This paper reviews the basic principles, algorithm
models and related applications of compressed sensing theory, and gives an overview and evaluation of its development in different fields. At the same
time, this paper also discusses the challenges and future development directions of current Compressive Sensing theoretical research.
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