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Multi-level Experimental Teaching Design for Architecture and Application of Industrial Big Data Course
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Abstract: In the era of Industry 4.0, industrial big data is the foundation and core of industrial transformation
and upgrading. The architecture provides the foundation for solving the challenges brought about by its wide application.
The industrial big data architecture and application course covers a wide range of content and its business innovation
and architecture design are relatively abstract, which make experiments difficult to design and conduct. In order to
cultivate and improve students’ practice ability of industrial big data architecture and application, multi-level and
progressive experiment teaching contents have been explored and designed, which cover the training of students’ initiative
learning ability, technical practical ability, analytical problem—solving and innovative practical ability. The
experiment of the core technology of Industry 4.0, CPS, is taken as an example to illustrate the design. The implementation
effect shows that the design contents meet the teaching requirements. The design can stimulate students to carry out
initiative learning and practice, and enable students to understand the different business needs, architecture design,
basic principles and key technologies of industrial big data application in all important phases of the manufacturing
industry more clearly
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