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Research on the precise employment service mechanism for college students based on deep learning
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Abstract: In recent years, with the deepening of the national attention to higher education, the national universities
expand their enrollment year by year, and the number of graduates continues to grow. The increasingly large employment
group has brought huge employment pressure to the society. Therefore, according to the characteristics of different
students, providing students with personalized career development planning, helping to establish a correct employment
view, and accurately matching the employment positions is a feasible method to solve the structural contradictions of
college students’ employment. With the development of Internet technology, campus construction is more inclined to
digitalization and intelligence, but the massive educational data generated by it has not been reasonably developed
and utilized. Therefore, this paper takes a large amount of student data accumulated by the intelligent campus as the
research object, and uses the neural network algorithm in the deep learning method to excavate the student personalized
information hidden behind it, predict its future career development direction, and provide scientific and technical
support for university educators. At the same time, the deep learning method is used to analyze the data of major
recruitment websites, and combine the prediction information to make accurate employment matching, recommend jobs
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suitable for students, and improve the employment matching degree.
Key words: big data; deep learning; neural network; precision employment
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