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Abstract: The study of smartphone APP usage behavior based on K-MEANS clustering algorithm aims to gain insights into the app usage patterns of

smartphone users. The study collected large—scale app usage data, including information such as app type, usage frequency, and usage period.

Subsequently, the study utilized the K-MEANS clustering algorithm to analyze and classify these data. The results of the study reveal that there are

obvious differences in APP usage patterns among different user groups. Through K—MEANS clustering, we classify users into several groups, each of

which has its own unique APP usage behavior. These groups can be further used for the improvement of personalized recommendation system to

enhance user experience.
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