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YOLOv7 82.2 723 79.6 75.4
YOLOv8+RFAConv 88.2 82.4 88.5 86.8

WFEFT/R, YOLOvS8+CBAM 7£ mAP@0.5 | [t HE £k A Al
T 1.4%, 7E mAP@0.5-0.95 42 T 3%. YOLOv8+SE
£ mAP@0.5 2 55 T 1.8%, mAP@0.5-0.95 #& & T 3.5%,
YOLOv8+RFAConv & ] 1 #7142 i () RFAConv {1 2% S HL I
1 YOLOV8, JE/R T WA 8 o e i Pk BEEE . mAP@O.5
1l mAP@0.5-0.95 43| Lk SE £ BSR4 55 T 3.19% #1 6.8%,
SSD #il Faster R-CNN 28 R (i A), 76 BT A $84n [ 1EGE
K. YOLOV3 J& YOLO RGN HIHMA, HAERE RO T
SSD FI Faster R-CNN, {H5 522/ YOLO JRASHH LLif A 42T
Z3[8], YOLOvSs Fl YOLOv7 BYPEREA T W] W py 4 7, Jo i

1E mAP@0.5 |43 ik %] T 82.1% F1 82.2%, /" T YOLO
TR ) R R R RE4R T YOLOV8+RFAConv £ T A 45
bR XA B4y, mAP@O.5 IAF] T 88.2%, mAP@0.5-0.95
IKFNT 82.4% , X HMAE ZIEHIAALRERTIN H K1 4,
7 ELX S G B A AR H v o RS BASR [R1 R4 13k
FT 88.5% M1 86.8%, HWAE EAW/IRK (KR ) Ml
WA (A IR ) Dy RIS T R A R

4 HERIE

FEADEFE, AR E T —FEs S TRZ ST E
JIHL# (RFAConv ) (YR YOLOV8s iAY, 5



@ Liniverse

PHERE
2024 65 181

PG AL 3 e () S SRS IS B . FRATTHE B S SR 4
AT T T Z LR RE . X —45 R A{UIEIE T RFAConv 1£
Ab PR 2T ORI RS S5 A R A pns R T HAE SR
Al A 7= IR EE T VL R A . Rk, ALk fb
RFAConv HJZ5H A S, IR HAEHAB A I AT 55 Hh Y
N, DASCRERO F S LR REAL I FEELE AL

SZ ik

[1] XEFEE , PhAil . FTHLEABE LUK & 27 5005
FEMLAEAR (7] A b AR 524 2023,(12): 43-45+48.

[2]Salazar—Gomez A, Darbyshire M, Gao J, et al. Towards
practical object detection for weed spraying in precision
agriculture[J]. arXiv preprint arXiv: 2109.11048, 2021.

[3] BEflss , EXEAN, EEW G R T2 RES TR
J15 1 EMEGEE 43 B FE 45 [J/OL). b 5 as i R K2
2% 2 ,1-12[2024-04-21]https: //doi.org/10.13700/).bh.1001-
5965.2023.0547.

“ 24

[4]Cheng W, Ma T, Wang X, et al. Anomaly detection for
internet of things time series data using generative adversarial
networks with attention mechanism in smart agriculture[J].
Frontiers in Plant Science, 2022, 13:  890563.

[51Liu B, Zhao X, Hu H, et al. Detection of Esophageal
Cancer Lesions Based on CBAM Faster R-CNN[J]. Journal of
Theory and Practice of Engineering Science, 2023, 3(12): 36—
42.

[6]Huang Y, Shi P, He H, et al. Senet: spatial information
enhancement for semantic segmentation neural networks[J]. The
Visual Computer, 2023: 1-14.

EE &

TitEds (1995.11-) 5, DU, ZHONEN, PHatb
FTHAAL B B AR

FEEMFTT I ERA IS HARG



