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Introduction to the application and development of CNN in kiwifruit leaf disease

identification

Wenli Bai

Chongqing Three Gorges University, Wanzhou, Chongqing 404020

Abstract: To solve the problems of subjective feature extraction and high false recognition rate in traditional kiwifruit leaf disease
recognition methods, we propose using convolutional neural networks for kiwifruit leaf disease recognition. In this paper, we
introduce several classical networks and improve them on the basis of traditional networks, and build a disease recognition model

based on ResNet34. The application of convolutional neural network framework and residual network for image analysis and

application of kiwifruit leaf disease is of practical importance and prospect.
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