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Introduction to the development and significance of neural radiation field in 3D modeling of

plants

Yuelei Feng

Chongqing Three Gorges College, Wanzhou, Chongqing 404020, China

Abstract: Plant 3D modeling is one of the research hotspots in the fields of agronomy, geology, biology, botany, ecology and so
on. In recent years, along with the rapid development of computer graphics, mathematics, computer software and hardware
technology and measurement technology, plant 3D modeling technology has been rapidly developed. Currently, with the rapid
development of information technology driven by deep learning, especially the rise of neural radiation field technology in the past
two years, the 3D model has been developed in terms of accuracy and fidelity.
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