TRSSERRIS 4 %9 o Lniverse .
ISSN: 2661-3697 (Prin) ; 2661-3700 (Onl ine) B

LDHZERPIKREEE: KRG EEFR

FO-4hE, HHE-FRE
FRiBeafi: EEETS KI5

WE: KBRS G g IR RN THERSEE T R BT %, A& TR E N7, s T H
P, I R BIM GRS AT G X LR N, JCHRAESZIE T T . AESZIE SR, AT
SR ALK I AR ) A SRS I B R YR TT A B R R 0T R e AT A, R R 1 P T 530 iy 7 A= DA
i A% G S B TR AT T W . SR, SR T R AR A R B WO AN N Y AR B SR K n T i i 1 )
REBrXEESE, ARV 2 B0 R KRB B ST SR AHE W — BU € L BB ISR AW I, HAE
BIF FEANSEZ B o AR 82 AR AWK, (E R T SR BUE I T A Z A R 22 5 . A SURSS T il Rk T R R
KT STHR e FLAE AR R A RS0 N HT A 7 i e BRATIVPAG T2 BRI e W T SRR AR I A 57 SCHRR I
RER AT Sh AL B2 0T TEN DL iR F 30T A ST Hr i A KB s B WE e R, K8l SRR B
T VR ASE P AT AT S RIPPAG A I STIE AR S i . SCRR AR IE A BORFEAR KRR RE b el 7 2 T/ NS SR 1 54
Ao HH G KRB R E m B G IHER N AR T80T N7 780 RERBIEIE, FERABR 47575 .
K. e, AT, SS@EMT. AR BRITTE. gt

’?“.“

Big data in public transportation: a review of sources and methods
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Abstract: The collection of big data, as an alternative to traditional resourceintensive manual data collection approaches, has
become significantly more feasible over the past decade. The availability of such data, coupled with more sophisticated predictive
statistical techniques, has contributed to an increase in attention towards the application of these data, particularly for
transportation analysis. Within the transportation literature, there is a growing emphasis on developing sources of commonly
collected public transportation data into more powerful analytical tools. A commonly held belief is that application of big data to
transportation problems will yield new insights previously unattainable through traditional transportation data sets. However,
there exist many ambiguities related to what constitutes big data, the ethical implications of big data collection and application,
and how to best utilize the emerging data sets. The existing literature exploring big data provides no clear and consistent
definition. While the collection of big data has grown and its application in both research and practice continues to expand, there
is a significant disparity between methods of analysis applied to such data. This paper summarizes the recent literature on sources
of big data and commonly applied methods used in its application to public transportation problems. We assess predominant big
data sources, most frequently studied topics, and methodologies employed. The literature suggests smart card and automated data
are the two big data sources most frequently used by researchers to conduct public transit analyses. The studies reviewed indicate
that big data has largely been used to understand transit users’ travel behavior and to assess public transit service quality. The
techniques reported in the literature largely mirror those used with smaller data sets. The application of more advanced statistical
methods, commonly associated with big data, has been limited to a small number of studies. In order to fully capture the value of

big data, new approaches to analysis will be necessary.
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