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Logistics financial credit risk prediction based on decision tree
Yunyan Huo Pengying Xu Kangle Li Yan Li
Department of Computer Science, Harbin Institute of Finance, Harbin 150030, China

Abstract: With the rise of various Internet consumer loans, customer overdue risk prediction has become an important issue in the
study of the financial industry. In the context of big data, multi-dimensional modeling of customer data, credit risk prediction, and
construction of a prediction model of credit overdue risk are conducive to credit decision-making. In this paper, taking the credit risk
of customers on the logistics financial platform as the research object, the decision tree model is constructed to divide the credit
rating of customers in order to maximize the expected returns. Compared with the commonly used classification algorithm C4.5,
random forest and random forest time series expansion, the customer overdue behavior is classified, and the time series expansion

method of random forest is verified by experiments to have high classification accuracy.
Keywords: Decision tree; Logistics finance; Credit risk
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